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Research on athletes' motion recognition algorithm based on deep learning
Zhang Na He Jiangiang Wang Yuanyuan

Artificial Intelligence Research Center of Shangluo University, Shaanxi Shangluo 726000
[ Abstract JAt present, the application of action recognition technology in sports training, medical rehabilitation and other fields has
shown an increasingly extensive trend.This paper presents a motion recognition algorithm with deep learning.Firstly, the
improved YOLOvS5s-CBAM model is used for target detection, and then the HRNet model is used to extract bone key
bone information.Finally, the action classification is combined with the spatiotemporal graph convolutional network
(ST-GCN ) .The experimental results show that the proposed method has achieved excellent performance in target
detection, key point detection and action recognition tasks, with high practical value and application potential.
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