&

cacaec) Modern Science and Technology Research MIRXRHZZR F£ 4% 5 10 #f 2024 &£

BT RBWGAN H#5 %35 T HUIAE RN\ =7 &

WISl
FAUHLA R B S B A R ml AL 7324

[ EIHMAEMZLEREY R, UKk TERESMAENFEEN, BT oFEFRTHHARAHRR . H4E
BHAFAEANTHE USRI F A L% U A SR DR 3R A5t R BAE 5 58 7 i 7 7 xR AE
BRI EH A AR AR S L, KR W T 2 TRBWGANKY A i x40 W 5 34T B gk & 5 £ B9 07 3%,
R T R R M, USSR E A EN BRI, ZTEERRSRNTELFETRIALE, LT
BRNEAMEGT AR ARRT o

(k@R ] £ RGN E ., REFI . BRZH ., PLFET

Airport boundary intrusion detection method in special scenarios based on RBWGAN
Hu Kuanbo

Civil Aviation Airport Planning and Design Research Institute Co., LTD
[ Abstract ] With the rapid expansion of the aviation industry, the airport has ushered in the continuous increase of the passenger
flow and flight volume, which brings unprecedented challenges to the safety management.The traditional monitoring
mode is difficult to fully handle manually; the current intelligent video analysis technology is difficult to identify
accurately; and the traditional data enhancement method is also insufficient to extract and reconstruct features.To solve
these problems, this paper proposes the method of image fusion and generation based on RBWGAN generative
adversarial network, and designs a new feature generation structure to achieve more accurate object detection.This

method performs well in complex and variable environmental conditions, providing an effective solution for airport

boundary intrusion detection.
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mAP (%)
mAP Precision Recall F1

Clean_Data 0.794 0.812 0.797 0.789
Enhanced 0.884 0.921 0.884 0.910
Orgin_GAN 0.829 0.849 0.835 0.808
RBWGAN 0.928 0.947 0914 0.921
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